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1 Literature Survey Paper List
Table 1, Table 2, and Table 3 contain the complete lists of papers that we included in our literature
survey. Table 1 contains the papers published at the Top-4 Software Engineering conferences (ICSE,
ISSTA, ASE, and FSE), Table 2 contains the papers published at the Top-4 Security conferences
(USENIX, S&P, CCS, and NDSS), and Table 3 contains the papers published at the Top-4 Software
Engineering and Security journals (TSE, TOSEM, TIFS, and TDSC). All papers were published
between January 2020 and December 2024. In addition to the 81 papers that match the selection
criteria of our literature survey, the tables also contain 28 papers that are either not actually on
the topic of software vulnerability detection (column "Vulnerability Detection?" -> No) or do not
employ machine learning techniques (column "Machine Learning?" -> No). These papers were
excluded from the literature survey, because they do not match the selection criteria, but are still
listed here for transparency and completeness.
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Table 1. Papers from the Top-4 Software Engineering conferences (ICSE, ISSTA, ASE, FSE).

Paper Venue Year Vulnerability Detection? Machine Learning? Granularities

[12] ISSTA 2024 Yes Yes function, statement
[75] ISSTA 2024 Yes Yes function
[7] ISSTA 2024 Yes Yes file
[57] ISSTA 2024 Yes Yes function
[53] ISSTA 2023 Yes Yes function, statement
[25] ISSTA 2023 Yes Yes function
[101] ISSTA 2023 No N/A N/A
[17] ISSTA 2023 Yes Yes function
[11] ISSTA 2022 Yes Yes function, inter-procedural slice
[4] ASE 2024 Yes Yes function
[37] ASE 2024 Yes Yes function
[83] ASE 2024 Yes Yes function
[104] ASE 2024 Yes Yes function
[78] ASE 2023 Yes Yes function
[99] ASE 2023 Yes Yes function
[51] ASE 2023 Yes Yes function
[34] ASE 2023 No N/A N/A
[39] ASE 2023 Yes Yes function
[59] ASE 2023 No N/A N/A
[47] ASE 2021 No N/A N/A
[41] ASE 2020 Yes Yes function
[58] ICSE 2024 Yes Yes function
[44] ICSE 2024 No N/A N/A
[62] ICSE 2024 Yes Yes function, inter-procedural slice, line
[3] ICSE 2024 Yes Yes function
[66] ICSE 2024 Yes Yes function
[33] ICSE 2024 Yes Yes function
[45] ICSE 2024 Yes Yes function
[54] ICSE 2024 Yes Yes line
[70] ICSE 2024 Yes Yes function
[106] ICSE 2024 No N/A N/A
[73] ICSE 2023 Yes Yes function
[74] ICSE 2023 Yes Yes function
[67] ICSE 2023 Yes Yes function
[96] ICSE 2023 Yes Yes function
[87] ICSE 2023 Yes Yes function, line
[13] ICSE 2023 Yes Yes function
[84] ICSE 2022 Yes Yes function
[1] ICSE 2022 Yes Yes function, inter-procedural slice, program
[24] FSE 2024 No N/A N/A
[52] FSE 2023 Yes Yes function
[31] FSE 2023 Yes Yes commit
[81] FSE 2023 Yes Yes inter-procedural slice
[103] FSE 2023 Yes No N/A
[60] FSE 2023 Yes Yes function
[21] FSE 2023 Yes Yes function
[20] FSE 2022 No N/A N/A
[30] FSE 2022 No N/A N/A
[29] FSE 2021 Yes Yes function, statement
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Table 2. Papers from the Top-4 Security conferences (USENIX, S&P, CCS, NDSS).

Paper Venue Year Vulnerability Detection? Machine Learning? Granularities

[69] S&P 2024 Yes Yes file
[18] USENIX 2024 Yes Yes function
[64] USENIX 2024 Yes Yes function, inter-procedural slice, line
[42] USENIX 2024 Yes Yes function, line
[40] USENIX 2024 No N/A N/A
[61] USENIX 2024 Yes Yes function
[65] USENIX 2024 Yes Yes function
[48] USENIX 2023 Yes Yes statement, repository
[79] USENIX 2023 Yes No N/A
[80] USENIX 2022 Yes No N/A
[86] USENIX 2020 Yes No N/A
[26] CCS 2024 No N/A N/A
[92] CCS 2023 Yes No N/A
[46] NDSS 2023 Yes Yes function

Table 3. Papers from top Software Engineering and Security journals (TSE, TOSEM, TIFS, TDSC).

Paper Venue Year Vulnerability Detection? Machine Learning? Granularities

[93] TOSEM 2024 Yes Yes function
[105] TOSEM 2024 No N/A N/A
[50] TOSEM 2024 Yes Yes function
[63] TOSEM 2024 Yes Yes function, line
[8] TOSEM 2024 Yes Yes function
[102] TOSEM 2024 Yes Yes function
[68] TOSEM 2023 Yes Yes function
[91] TOSEM 2023 No N/A N/A
[2] TOSEM 2023 Yes Yes function, inter-procedural slice, statement
[98] TOSEM 2022 No N/A N/A
[109] TOSEM 2021 Yes Yes inter-procedural slice
[10] TOSEM 2021 Yes Yes function, inter-procedural slice
[5] TSE 2024 Yes Yes function
[56] TSE 2024 Yes Yes function
[76] TSE 2024 Yes Yes function
[28] TSE 2024 Yes Yes function, line
[90] TSE 2024 Yes Yes function
[77] TSE 2024 Yes Yes function
[89] TSE 2024 Yes Yes function
[94] TSE 2024 No N/A N/A
[55] TSE 2023 Yes Yes function
[97] TSE 2023 Yes Yes function
[100] TSE 2023 Yes Yes function
[19] TSE 2023 Yes Yes function
[14] TSE 2023 No N/A N/A
[32] TSE 2023 No N/A N/A
[72] TSE 2022 Yes No N/A
[6] TSE 2022 Yes Yes function, inter-procedural slice
[22] TSE 2022 Yes No N/A
[16] TSE 2021 Yes Yes file
[95] TSE 2021 No No N/A
[82] TIFS 2024 Yes Yes function, line, statement
[85] TIFS 2024 Yes Yes function, inter-procedural slice
[27] TIFS 2024 Yes Yes function, file
[88] TIFS 2024 Yes Yes function
[71] TIFS 2021 Yes Yes function
[15] TIFS 2021 Yes No N/A
[107] TDSC 2022 Yes Yes function
[9] TDSC 2024 Yes Yes function, inter-procedural slice, statement
[23] TDSC 2023 No No N/A
[36] TDSC 2022 Yes Yes inter-procedural slice
[35] TDSC 2022 Yes Yes inter-procedural slice, line
[43] TDSC 2022 Yes Yes function, program
[49] TDSC 2022 No No N/A
[38] TDSC 2021 Yes Yes function
[108] TDSC 2021 Yes Yes program
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